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E

xtant research is equivocal about the organizational performance effects of customer relationship management (CRM) technology use, with some studies reporting positive effects and other studies reporting no
effects at all. The present research effort posits that these mixed findings may potentially be explained by two factors: (1) CRM technology use may have different effects on different customers, and (2) different CRM tools may
have different performance consequences. This study investigates this possibility by building on relationship
marketing and management theory to propose and test a model of the customer- and firm-level consequences of
the organizational use of CRM interaction support and customer prioritization tools. The results of data analysis
of 295 customer firms nested within 10 provider firms reveal that firm use of CRM interaction support tools
is positively related to customers’ relationship perceptions, regardless of customer account size. In contrast, the
data indicate that use of CRM prioritization tools appears to have positive effects on a firm’s larger customers
and negative effects on smaller customers. The results also suggest that when considered at an aggregate level,
customer perceptions of the exchange relationship are predictive of organizational performance and that the
association between these two variables is significant for larger customer accounts but insignificant for smaller
accounts. Overall, the study’s results help explain some of the inconsistent findings reported in the literature
regarding the performance implications of CRM technology use and suggest that use of the technology may
serve to enhance organizational performance, at least over the short term.
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1.

Introduction

across the organization (Bose 2002, Crosby and
Johnson 2001, Greenberg 2001).
Upon their arrival in the marketplace, CRM tools
were quickly embraced worldwide (Winer 2001).
Organizations viewed these new technologies as a
promising investment that would allow them to
more effectively and efficiently manage their interactions with heterogeneous customers (Brady et al.
2008, Crosby and Johnson 2001, Greenberg 2001,
Verhoef and Donkers 2001, Winer 2001). Specifically,
firms anticipated that CRM technologies would lead
to superior organizational performance as a consequence of an increase in (1) desirable relationship
outcomes stemming from improved interaction quality and (2) resource allocation efficiencies gained
through enhanced customer prioritization capabilities
(Homburg et al. 2008, Reinartz et al. 2004, Zablah et al.
2004b).

Improvements in communications and information
technologies have led to the development and widespread commercialization of a set of marketing, sales,
and customer support tools collectively referred to
as customer relationship management (CRM) technology. Among other things, these tools link front (e.g.,
sales) and back office (e.g., logistics) functions with
the goal of facilitating the coordination of the different types of customer-provider interactions that occur
across a multitude of customer touch points (e.g.,
Internet, direct mail, sales call, etc.; Chen and
Popovich 2003, Greenberg 2001, Jayachandran et al.
2005). Moreover, they enable firms to harness the
power of database, data mining, and interactive technologies and to collect and store unprecedented amounts of customer data, build intelligence from that data,
and respond to the resulting customer intelligence
418
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To date, however, empirical evidence regarding
the organizational performance implications of CRM
technology use has been mixed (Reinartz et al. 2004).
Some studies suggest that CRM technology investments have no measurable effect on firm performance outcomes (e.g., Day and Van den Bulte 2002,
Reinartz et al. 2004), whereas other studies suggest
just the opposite (e.g., Coltman 2007, Mithas et al.
2005). These mixed findings have led academics and
practitioners to question whether investments in CRM
technology can truly enhance organizational relationship building and management efforts (Coltman 2007,
Jayachandran et al. 2005).
We propose that the contradictory findings reported
in the literature regarding the CRM technology usefirm performance relationship are, in part, a result of
three important but related omissions. First, scholars
have largely failed to consider whether CRM technology use has different effects on different customers
within firms’ relationship portfolio. Second, although
researchers acknowledge that CRM tools vary widely
in the functionality they offer (Jayachandran et al.
2005), extant studies have not considered the possibility that different CRM tools may have different performance consequences. Third, prior studies have not
evaluated the effects of CRM technology use at the
individual customer level.
These are critical oversights given that CRM technology includes tools intended not only to help firms
maximize customer interaction quality (i.e., CRM
interaction support tools) but also prioritize resources
(i.e., CRM prioritization tools) destined for relationship building and management activities based on
expected customer value (Reinartz et al. 2004, Zablah
et al. 2004b). Given this dual functionality, organizational use of CRM tools may have both positive and
negative effects on customer-perceived relationship
investment (CPRI)—a critical relationship metric with
Table 1

important performance consequences—which broadly
refers to a customer’s assessment of the amount of
resources and effort a provider has invested to develop
and maintain the exchange relationship (De Wulf et al.
2001). Stated differently, organizational use of interaction support tools may enhance CPRI by providing for improved interaction quality, whereas use of
CRM prioritization tools may have detrimental effects
on CPRI by reducing the level of resources that are
directed toward individual customers. This pattern of
off-setting effects, which has not been previously considered in the literature, may explain some of the contradictory findings reported in the literature regarding
the CRM technology-firm performance relationship.
The study reported here addresses these shortcomings in the literature by investigating whether
the organizational use of CRM interaction support
and CRM prioritization tools influences CPRI and,
if so, the extent to which this influence varies across
a firm’s customer portfolio. In so doing, we propose and use multisource data to empirically test a
multilevel conceptual model of the customer- and
firm-level consequences of CRM technology use.
Specifically, we posit that organizational use of CRM
interaction support and prioritization tools influences
CPRI, which, in turn, influences firm performance.
Moreover, we propose that the effects of CRM tool
use on CPRI are not consistent across customers serviced by a firm but vary as a function of customer
account size.
In addressing these shortcomings, our study makes
at least three important contributions to the CRM literature (see Table 1 for a more detailed preview).
First, our study helps reconcile mixed findings
regarding the CRM technology use–firm performance
relationship by evaluating whether CRM technology
use exerts different effects on different customers and
considering whether CRM interaction support and

Preview of Study Contributions
Relevance

No.

Contribution

State of the literature

Theory

1.

Reconciles mixed findings regarding the relationship
between CRM technology use and firm performance
by considering differential effects across CRM tools
and customer subgroups.

Equivocal findings of the effects of CRM technology use
on firm performance have been reported, leading
academics and practitioners to question the
technology’s value (Coltman 2007, Jayachandran et al.
2005).

2.

Identifies customer-perceived relationship investment
(CPRI), a critical relationship metric, as an important
mediator of the CRM technology use–firm
performance relationship.

Effects of CRM technology use on CPRI have not been
previously considered. Prior studies have primarily
focused on the aggregate or firm-level customer
outcomes of CRM technology use (e.g., Jayachandran
et al. 2005, Mithas et al. 2005).

Ø

3.

Refines broad conceptualizations of CRM technology to
account for the potentially differential effects of the
use of CRM interaction support and CRM prioritization
tools on customers’ relationship perceptions.

CRM technology has been treated as a homogeneous set
of tools that result in uniform performance outcomes
(e.g., Reinartz et al. 2004).

Ø

Practice
Ø

Ø
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prioritization tools have contrasting performance consequences. Second, unlike prior studies that have
focused on aggregate performance effects, this effort
identifies CPRI—a customer-level outcome—as a critical mediator of the relationship between CRM technology use and firm performance. Third, our study
is the first to propose a refined conceptualization of
CRM technology use that explicitly accounts for firms
using CRM tools to execute tasks that may have beneficial as well as detrimental effects on customers and
their perceptions of the exchange relationship.
The balance of this manuscript is organized as follows. First, we offer a broad overview of relationship marketing and management theory and briefly
discuss its relevance to the current application. Then
we introduce the conceptual model and hypotheses.
We then proceed with a discussion of the research
methodology, analytical procedures used to analyze
the data, and findings. Finally, we conclude with a
discussion of the results, theoretical and managerial
implications, and directions for future research.

2.
2.1.

Theoretical Background

Relevant Insights from the Relationship
Marketing Literature
Before exploring the use of CRM technology in contemporary organizational practice, we need to review
elements of marketing theory that best explain how
these IT tools likely impact provider-customer relationships. The theory base that offers the strongest
theoretical grounding for these effects is known as
relationship marketing and management theory.
Over the last two decades, a significant amount
of effort has been devoted to the study of relationship marketing, a phenomenon that is concerned
with the activities providers undertake in an attempt
to develop and maintain successful relational (i.e.,
highly collaborative) exchanges with their customers
(Berry 2002, Morgan and Hunt 1994, Parvatiyar and
Sheth 2000). Although the voluminous literature on
relationship marketing has and continues to enhance
understanding about the characteristics, antecedents,
and consequences of relational exchange (e.g., Keep
et al. 1998, Sirdeshmukh et al. 2002, Wathne et al.
2001), it has also provided the following insights
regarding the management of exchange relationships that are particularly relevant to our current
application:
1. Customer relationships are an important type of
organizational asset that represents a potential source
of sustainable competitive advantage (Dwyer et al.
1987; Hunt 1997, 2002; Hunt and Morgan 1995);
2. A provider’s level of profitability is contingent
upon the ability to develop a customer portfolio that
contains an adequate mix of transactional, relational,

and hybrid exchange relationships (Anderson and
Narus 1990, Coviello et al. 2002, Day 2000, Frazier
et al. 1988, Hunt 2002, Johnson and Selnes 2004,
Sawhney and Zabin 2002);
3. Relationship development and maintenance
activities require significant resource commitments
(Dwyer et al. 1987). Consequently, a provider’s level
of profitability is partially determined by its ability to
prioritize investments in customer relationships such
that they are proportional to each customer’s lifetime
value to the firm (Jackson 1985; Reinartz et al. 2004;
Ryals 2002, 2003);
4. Exchange relationships consist of a series of interrelated interactions,1 and therefore a provider’s ability to retain existing customer relationships is heavily influenced by how well it is able to manage these
interrelated interactions (Cunningham 1980, Gronroos
2000a, Peppers et al. 1999, Turnbull et al. 1996).
The preceding theoretical insights have significant
implications for the management of exchange relationships. First, they suggest that a provider’s level
of relationship management expertise is likely to
affect its long-term performance in the marketplace
(Day and Van den Bulte 2002, Webster 1992). Second,
they reveal that a provider’s level of profitability is
influenced not by its ability to engage in relational
exchange with its customers but by its capacity to
build the right type of relationship with the right type
of customer (Reinartz et al. 2004, Rigby et al. 2002,
Sawhney and Zabin 2002). Finally, they indicate that
in order to build the right type of relationship with
the right type of customer, a provider must be able
to discriminate between current and prospective customers based on their expected level of long-term
profitability (Reinartz et al. 2004).
Given the foregoing discussion, it is not surprising that the extant literature also suggests that the
effective and efficient management of customer relationships presents a difficult challenge for providers—
a challenge that grows in complexity as the
heterogeneity in a firm’s customer base increases
(Eriksson and Mattsson 2002, Reinartz et al. 2004,
Sawhney and Zabin 2002). That is, when providers
elect or are compelled (by market conditions) to pursue customers who differ in terms of their needs
and preferences, it becomes significantly more difficult for them to build the right type of relationship
with the right type of customer. This added difficulty arises from the inherent intricacies associated
with distinguishing between “customer types” based
1

The term “interaction” is used here to refer to any instance in
which two active parties, which have the ability to exert influence
upon each other, engage in the exchange of values (e.g., goods and
services exchanged for money; Campbell 1985, Cunningham 1980,
Ford 1980, Kalafatis 2002, Kotler 1972, Metcalf et al. 1992, Turnbull
et al. 1996).
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on their needs, preferences, and expected value to
the firm and having to behave differently toward
each individual customer (i.e., crafting relationshipappropriate interactions) given its particular “customer type” (Peppers et al. 1999, Ramani and Kumar
2008). As a consequence, relationship marketing theory suggests that the quality of a provider’s customer
portfolio is ultimately determined by how well the
firm is able to balance two conflicting organizational
needs: the need to market its products and services to
heterogeneous customers who differ in terms of their
needs and value to the firm versus the need to manage its exchange relationship with each individual
member of its customer base (e.g., efficiency would be
improved if all customers were sold the same products, whereas effectiveness would increase if product offerings were customized down to the individual
account level).
An organizational desire to more effectively manage these two competing needs is largely responsible
for the rapid, worldwide diffusion of CRM technology. CRM tools offer functionality intended to enable
firms to maximize both customer interaction quality
and the profitability of each individual customer relationship. Specifically, CRM tools are designed to allow
firms to customize interactions based on customers’
latent and expressed needs and to prioritize resources
destined for each individual interaction, such that
greater resource commitments are made to high-value
customers (Reinartz et al. 2004, Zablah et al. 2004b).
Consequently, in order to better understand the relationship between CRM technology use and organizational performance, it is critical to consider how the
use of CRM technology is likely to influence individual customers’ perceptions of the exchange relationship. Toward that end, we provide a brief overview
of the relationship management literature—with particular emphasis on interaction management and customer prioritization—in §2.2, next.
2.2.

Relevant Insights from the Relationship
Management Literature
In recent years, a significant amount of research
effort has been devoted to better understanding the
customer relationship management process and its
performance implications. In a very broad sense, the
literature on relationship management has proceeded
along two parallel paths: one focusing on customer
interaction management and the other one on customer valuation and prioritization (a few studies
have, implicitly or explicitly, dealt with both issues).
Each of these literature streams offers insights and
provides empirical findings that are valuable when
attempting to understand the performance consequences of CRM technology use, and both streams are
thus briefly reviewed in the paragraphs that follow.
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Building on the seminal work of the industrial marketing and purchasing group (IMP; e.g., Cunningham
1980, Håkansson 1982), the literature has increasingly
recognized the importance of interaction management
as a critical element of building strong and mutually beneficial relationships (e.g., Ramani and Kumar
2008). As Narayandas and Rangan (2004) suggest,
relationship attitudes and loyalty develop one interaction at a time, thus making interactions critical to the
growth and ultimate survival of exchange relationships. Given the importance of interactions to relationship outcomes, significant research effort has been
devoted in recent years to identifying the determinants of “high quality” interactions. Although construct labels differ across studies, extant research has
identified three common elements of interactions that
are conducive to desirable relationship and performance outcomes: appropriateness (in terms of interaction timing), relevancy (given customer needs), and
consistency (across customer touch points; Kumar
and Petersen 2005, Zablah et al. 2004b). Empirically,
each of these elements or dimensions of interaction
quality has been linked to important relationship
and/or firm performance outcomes. For instance,
field experiments conducted by Kumar et al. (2008)
reveal that (1) timing sales calls such that they occur
when customers are expected to make a purchase
and (2) coordinating sales calls among salespeople
who service the same customer firm but sell different product lines result in substantially higher levels of profitability and improved relationship quality
perceptions. Likewise, a series of studies by Verhoef
(2003) and his colleagues (Prins and Verhoef 2007)
suggest that organizational use of direct marketing
communications (as opposed to mass media communications) containing targeted, customer-relevant
messages is positively related to growth in customer
share and customer adoption of new service offerings.
In addition, in one of the most comprehensive
studies to date on the role of interaction management, Ramani and Kumar (2008) advance the notion
of an organizational “interaction orientation,” which
they define as a “firm’s ability to interact with
its individual customers and to take advantage of
information obtained from them through successive
interactions to achieve profitable customer relationships” (p. 27). In their treatment of interaction orientation, the authors argue that acquiring, sharing,
and collectively responding to customer information
is vital to facilitating high quality customer interactions. Specifically, they argue that firms must be able
to “respond to heterogeneous customers differently
and also to each individual customer differently at
different points in time by pooling information from
multiple sources and points in time” (p. 28). Ramani
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and Kumar’s (2008) work hence underscores the critical role of shared, extensive, and up-to-date customer knowledge to the success of interaction management efforts.
Undoubtedly, interaction management is highly
intertwined with customer valuation and prioritization decisions because a firm’s level of profitability depends partially upon its ability to provide
individual customers with interactions that not only
maximize customer value delivered but also are consistent with each individual customer’s value to the
firm (Ramani and Kumar 2008, Zablah et al. 2004b).
Prior research suggests that firms who utilize customer lifetime value (CLV) as a metric for selecting customers to target and allocating organizational
resources enjoy higher levels of profitability (e.g., Rust
and Verhoef 2005, Rust et al. 2004, Venkatesen and
Kumar 2004). In addition, empirical evidence (from
insurance and financial services industries) suggests
that firms can achieve improved financial performance by allocating a greater proportion of resources
for the acquisition and retention of larger or key
(as opposed to smaller) customers (Ryals 2005, Yim
et al. 2004).
To date, however, only one empirical study has
examined the customer and financial performance
effects of prioritization decisions across customers
grouped into different priority levels. Based on a crossindustry sample that encompassed firms competing in
business-to-business and business-to-consumer markets, Homburg et al. (2008) find that customer prioritization has a positive effect on customer satisfaction
among top tier customers and no effect on customer
satisfaction among bottom tier customers. When combined, these effects translate into higher levels of
average sales per customer that ultimately lead to
improved firm financial performance. It is important to note, nonetheless, that the researchers hypothesized but did not find a negative relationship
between customer prioritization and average satisfaction among bottom tier customers—they explained
this nonsignificant finding, in part, by suggesting that
bottom tier customers are likely to have lower expectations, and thus their satisfaction is unaffected by
firm resource allocation decisions.
In the preceding paragraphs, we have outlined
critical arguments and findings from the relationship marketing and management literatures that are
particularly relevant to our current research project.
In the section that follows, we build on these insights
to develop and propose a conceptual model that purports to explain how the organizational use of CRM
technology influences individual customers’ perceptions of the exchange relationship and, ultimately,
firm performance.
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3.

Research Model and Hypotheses

3.1. Organizational CRM Technology Use
End-user resistance to CRM technology has been heavily researched and is said to be a consequence of
numerous factors, including a lack of organizationwide commitment to the technology, inadequate enduser training, the absence of a CRM champion,
incompatible compensation structures, poor change
management practices, end users’ failure to understand the benefits the technology affords, and inadequate financial commitment to the technology
(Croteau and Li 2003, Fjermestad and Romano 2003,
Morgan and Inks 2001, Parthasarathy and Sohi 1997,
Pullig et al. 2002, Rigby et al. 2002, Rivers and Dart
1999, Ryals and Knox 2001, Ryals and Payne 2001,
Shoemaker 2001, Speier and Venkatesh 2002, Wilson
et al. 2002, Yu 2001, Zablah et al. 2004a). This welldocumented end-user resistance to CRM technology
is critically important to the objectives of the current
research effort. It implies that in order to study the
performance implications of CRM technology, it is
necessary to consider not only whether an organization has adopted some sort of CRM tool but also
whether the tool that has been adopted is being
embraced by organizational users. Consequently, this
study focuses on CRM technology use, which we
formally define as the extent to which CRM tools
are being utilized to support organizational work
processes.
Prior research suggests that the specific CRM tools
individual firms choose to deploy are likely to vary
significantly and can be utilized to accomplish a wide
variety of organizational tasks (e.g., Jayachandran
et al. 2005). For instance, some CRM tools are designed
to support sales (e.g., collateral delivery), marketing (e.g., campaign management), and service and
support (e.g., case management) tasks. Other CRM
tools are used to coordinate tasks within a process
or across functions, automate routine tasks, provide
detailed insight regarding organizational and individual employee performance, and standardize common tasks and processes (Adenbajo 2003, Bose 2002,
Chen and Popovich 2003, Crosby and Johnson 2000,
Davis 2002, Ebner et al. 2002, Fjermestad and Romano
2003, Greenberg 2001, Hirschowitz 2001, Light 2003,
Mirani et al. 2001, Shoemaker 2001, Wilson et al. 2002).
Given this wide range of functionality, it is possible to
conceptually organize CRM tools in several different
ways. We build on the relationship management literature (see §2.2 above) to propose that a particularly
insightful grouping is one that organizes CRM tools
based on whether they generally support either interaction management or customer prioritization tasks.
Consistent with this proposal, our study evaluates the
performance effects of the organizational use of CRM
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interaction support tools and CRM customer prioritization
tools. We use the term CRM interaction support tools
to refer to those technologies that support activities
enhancing customer information gathering, customer
information sharing between employees, and interfunctional employee coordination. In contrast, we use
the term CRM customer prioritization tools to refer
to those technologies that support activities involving
marketing, sales, and service resource allocation decisions or activities used to determine the efficacy of
those decisions.
3.2.

Customer-Perceived Relationship Investment
(CPRI) as a Mediator of the CRM Technology
Use–Firm Performance Relationship
CPRI is used here to refer to the extent to which a customer perceives that a provider “devotes resources,
efforts, and attention aimed at maintaining or enhancing [the exchange relationship]” (De Wulf et al. 2001,
p. 35). This concept is similar to the idiosyncratic
investment phenomenon often investigated in the
marketing channels literature (e.g., Anderson and
Weitz 1992, Jap 1999, Jap and Ganesan 2000) but is
broader in the sense that it allows for the possibility that firms invest unrecoverable assets that are, at
times, directed toward a group of customers rather
than an individual customer.
As is illustrated in Figure 1, we posit that CPRI
is a critical mediator of the influence of CRM technology use on organizational performance. CPRI has
been modeled as a causally proximate outcome of
relationship management efforts in previous studies
(e.g., De Wulf et al. 2001, Palmatier et al. 2006) and
is particularly well suited to the purposes of this
study for two reasons. First, CRM interaction support and prioritization tools are designed to influence
the content and form of customer-provider interactions. The (in)adequacy of those interactions is a signal
Figure 1

to customers—first and foremost—of provider relationship investment. Thus, although other customerlevel outcomes may follow (e.g., satisfaction), the most
immediate outcome of CRM technology-driven interactions is a signal to customers of how much effort
a provider has invested to understand their particular needs and of the relative importance a provider
places on building a relationship with them. Second, recent meta-analytic and theoretically integrative
work by Palmatier and colleagues (2006, 2007) supports our choice of CPRI as a mediator; the authors
find that CPRI is strongly related—both directly and
indirectly—to firm performance, our key outcome
measure.
3.3.

Interaction of CRM Interaction Support
Tool Use with Customer Account Size to
Predict CPRI
Relationship marketing and management theory suggests that a strong link exists between customized
interactions and customer perceptions of providers’
level of investment in the relationship. For instance,
two separate studies by DeWulf and colleagues (2001,
2003) find that retailers’ use of direct mail, preferential treatment programs, personalized communication, and tangible rewards has a positive impact
on CPRI. Moreover, they propose that signaling
(Boulding and Kirmani 1993, Dawar and Parker 1994,
Kirmani and Rao 2000) explains the influence of
these customized interactions on CPRI. That is, customized interactions provide customers with tangible
evidence of providers’ ability to understand their
needs and preferences at an individual level, their
willingness to accommodate their needs and preferences at an individual level, and the value they place
on the exchange relationship. This view is consistent with communication-based perspectives on relationship marketing that suggest that the effective
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management of implicit and explicit interaction messages is critical to successful relationship building
(Duncan 2002; Duncan and Moriarty 1997, 1998;
Gronroos 2000a, b, 2004).
In their simulation-based work on customer portfolio management, Johnson and Selnes (2004) argue that
customized interactions are critical to mutually beneficial, partner-like relationships and that information
technology plays a critical role in the provision of
such interactions. Although not all exchange relationships should or will reach partnership level, their
views on this issue—which are summarized in the following excerpt—apply to all types of exchange relationship and are thus central to our current research
question (p. 4):
Suppliers must use customer knowledge and information systems to deliver highly personalized and
customized offerings to create the highest level of
congruence between the heterogeneity of demand and
supply 0 0 0 0 The key to profitability becomes a supplier’s ability to organize and use information about
individual customers more effectively than competitors. Customers benefit from suppliers whose customer knowledge and information systems enable
them to deliver highly personalized and customized
offerings 0 0 0 0 However, customers must be willing to
pay a price premium or to commit themselves to the
supplier for an extended period of time.

Based on the preceding discussion, we propose
that the organizational use of CRM interaction support tools better enables providers to deliver highly
customized interactions that convey relationshipappropriate messages to each individual customer.
Specifically, CRM interaction support tools offer functionality that improves provider ability to develop
an organizationally shared understanding of its customers at an individual level and to deliver customized and coordinated interactions over time and
across customer touch points (e.g., marketing, sales,
and service) based on this enhanced understanding
(Ramani and Kumar 2008). In so doing, providers
strongly convey to customers that they have made
irrecoverable resource commitments to the exchange
relationship because such interactions are only possible when a concerted effort is made to understand
each customer at an individual level (i.e., when a concerted effort is made to achieve a match between the
heterogeneity of demand and supply). Consequently,
the organizational use of CRM interaction support
tools should have a positive influence on CPRI. Thus,
we expect the following:
Hypothesis 1A (H1A). The organizational use of
CRM interaction support tools will be positively related
to CPRI.
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However, we do not expect that the organizational use of CRM interaction support tools will affect
all customer relationships equally. Rather, the effects
will be most noticeable among larger (as opposed to
smaller) customers because relationships with these
customers involve a greater number of interactions,
a greater number of touch points, and a greater number of people on both the customer and provider
side (e.g., Homburg et al. 2002, Jones et al. 2005).
Stated differently, greater complexity is involved in
coordinating and customizing interactions for larger
customers (vis-à-vis smaller customers), and thus the
potential for improved relationship perceptions as a
result of the organizational use of CRM interaction
support tools is greater among this group of customers. More formally, we propose the following:
Hypothesis 1B (H1B). The positive relationship between CRM interaction support tool use and CPRI will be
stronger (weaker) among larger (smaller) customers.
3.4.

Interaction of CRM Prioritization Tool
Use with Customer Account Size to
Predict CPRI
As argued in the preceding section, the use of CRM
interaction support tools should enhance firm’s ability
to manage heterogeneous customer relationships and
to provide each customer, at an individual level, with
interactions that are customized to its needs and preferences. However, it is important to underscore that
CRM technologies enable firms not only to understand customers at an individual level but also to
better assess their long-term value to the firm and
prioritize relationship resource investments accordingly (Reinartz et al. 2004, Zablah et al. 2004b). Thus,
the specific nature of customer-provider interactions
will vary not only as a function of customer needs
and preferences but also as a function of their value
to the firm.
Use of CRM prioritization tools is likely to enhance
a firm’s ability to prioritize relationship resource
investments through two distinct means. First, CRM
prioritization tools enable providers to collect and
analyze unprecedented amounts of the information
that is critical to making assessments of customers’
expected long-term value to the firm (e.g., Rust and
Verhoef 2005, Venkatesan and Kumar 2004). These
customer value assessments can, for instance, be used
to increase or decrease the frequency of direct mail
communication with customers based on their valuebased prioritization level. Second, CRM prioritization
tools offer functionality that enhances firms’ ability to
implement customer prioritization strategies. By way
of example, CRM service and support modules allow
firms to specify and trigger different problem resolution standards for low- and high-priority customers, such that a service call by a high-priority
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customer automatically gets routed to a case manager whose job is to personally contact and resolve
the customer problem within the hour, whereas lowpriority customer cases are handled by anonymous
service representatives who email the customer a resolution to their problem within a 24- to 48-hour time
window. Likewise, CRM tools enable salespeople to
more effectively schedule and prioritize their customer visits, such that high-priority customers are
visited personally on a more frequent basis. As a
final example, CRM prioritization tools enable firms
to assess the market performance effects of their
resource allocation decisions such that adjustments to
those decisions can be made depending on performance outcomes or as market conditions change.
Although it is an oversimplification to suggest that
customer value varies directly as a function of customer size or that larger customers are generally
more valuable than smaller customers, extant research
reveals that firms tend to prioritize customers based
on account size or sales volume expectations (e.g.,
Lacey et al. 2007, Zeithaml et al. 2001). In addition,
customer account size is an often-used segmentation
variable in business markets (see Rangan et al. 1992,
for example) and is the dominant segmentation variable employed in the context selected for investigation
in this study. For these reasons, we employ customer
account size as a proxy2 for customer priority level
(with larger customers receiving higher priority levels) and propose that the use of CRM prioritization
tools will interact with customer account size to predict CPRI.
In one of the more comprehensive studies to date
on the performance effects of customer prioritization,
Homburg et al. (2008) outline opposing viewpoints on
the likely performance effects of prioritized resource
allocation decisions. According to the authors, customer prioritization is “supposed to lead to higher
firm profits because marketing efforts become more
effective and efficient when concentrated on the toptier customers” (p. 110). In contrast, they identify
three common arguments against prioritization practices: (1) prioritization may lead to lower satisfaction levels among low-priority customers, which may
result in higher attrition rates and negative word-ofmouth; (2) a focus on a select group of customers may
limit firms’ ability to benefit from economies of scale;
and (3) an emphasis on top-tier customers might
make providers more vulnerable to the demands of
powerful top-tier customers.
Consistent with these opposing viewpoints,
Homburg et al. (2008) hypothesize that customer
2

We recognize that customer account size is an appropriate but
imperfect proxy for customer priority level. Obtaining providerbased measures of customer priority levels was not a possibility
for this study, given the research design.
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prioritization is likely to be positively related to mean
levels of customer satisfaction among top-tier (i.e.,
larger) customers and negatively related to mean
levels of customer satisfaction among bottom-tier
(i.e., smaller) customers. Their specific arguments are
based on the notion that firms have limited resources
and that shifting resources toward servicing highvalue customers will lead to an inevitable reduction
of resources aimed at servicing low value customers.
Importantly, their empirical study offers mixed support for these expectations. Although prioritization
had positive effects on top-tier customer satisfaction
levels, it did not have any effect on bottom-tier customers. That is, the data did not support arguments
regarding the potentially deleterious effects of customer prioritization efforts on bottom-tier customers.
Building on the preceding arguments, we propose that firms’ use of CRM prioritization tools will
interact with customer account size to predict CPRI.
Specifically, we propose that use of CRM prioritization tools will result in a redistribution of organizational resources that will favor larger customers at the
expense of smaller customers. This redistribution of
resources will be empirically expressed as a positive
relationship between CRM prioritization tool use and
CPRI among larger customers and a negative relationship between CRM prioritization tool use and CPRI
among smaller customers. It is worth underscoring
that our expectations for the effects of CRM prioritization tool use on customer relationship perceptions
are consistent with the theoretical (but empirically
unsupported) arguments advanced by Homburg et al.
(2008). Formally, our expectations can be summarized
as follows:
Hypothesis 2 (H2). Organizational use of CRM prioritization tools will be positively related to CPRI among
larger customers and negatively related to CPRI among
smaller customers.
3.5. CPRI Influences Firm Performance
In their work in the retail sector, De Wulf and colleagues (2001, 2003) suggest that the norm of reciprocity explains the relationship between CPRI and
desirable relationship outcomes, including trust, satisfaction, commitment, and behavioral loyalty. Specifically, they build on the work of Blau (1964) to
suggest that perceived (irrecoverable) investments in
a relationship create psychological ties between customers and providers that motivate customers to
perform behaviors that ultimately serve to enhance
organizational performance. Such behaviors might
include extending the duration of the relationship,
purchasing related products and services from the
provider, and/or upgrading current products and services purchased from the provider (Bolton et al. 2004).
Consistent with this view, we propose that CPRI will
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be positively related to firm performance, which we
define as the extent to which a firm routinely meets
its financial performance goals.
In their recent meta-analysis of the relationship
marketing literature, Palmatier et al. (2006) find that
CPRI has both a direct and indirect influence on
firm performance. Specifically, their results suggest
that when compared to all of the explanatory constructs evaluated within their model, CPRI exerts the
strongest direct influence on seller objective performance. Much like Dewulf and colleagues (2001, 2003),
they employ a reciprocity-based theoretical argument
to explain this relatively strong, direct relationship.
In addition, the results of the meta-analysis suggest
that the effects of CPRI on objective measures of firm
performance are also partially mediated by relational
factors, including trust, commitment, satisfaction, and
relationship quality. This finding is consistent with
the notion that perceived investments in the relationship lead customers to evaluate the relationship
more favorably and thus be more likely to reciprocate through behaviors that ultimately enhance firm
performance.
Consistent with the preceding reciprocity-based
arguments and empirical findings, we propose that
firms that are able to achieve higher mean levels of
CPRI will experience higher levels of performance.
Specifically, we suggest that mean levels of CPRI will
be positively related to firm performance because
higher levels of CPRI are likely to yield higher mean
levels of performance-enhancing customer behaviors
across the relationship portfolio, including loyalty,
cross-purchasing, and upgrading (Bolton et al. 2004).
This expectation is formally expressed in the following hypothesis:
Hypothesis 3 (H3). CPRI will be, overall, positively
related to firm performance.

4.

Research Design and Methodology

The primary objective of this study was to empirically test a conceptual model examining the association between provider levels of CRM technology
use and their customers’ perceived level of relationship investment. A field study, thus, seemed to be
the most appropriate methodology for reaching this
objective. Testing of the proposed conceptual model
required field study data from both providers and
their customers. To achieve this objective, a nested
research design was employed instead of a one-to-one
dyadic design (for a discussion on nested designs,
see Hox 2002, Muthen 1994, and Muthen and Satorra
1995). The nested research design involved limiting
the number of providers in the sample to a manageable size (in this case 10); inviting multiple customers

of each of these providers to report on their relationship with the firm; and obtaining measures of the
use of CRM interaction support tools, use of CRM
prioritization tools, and organizational performance
for each of the providers. This one-to-many (i.e., one
provider to many customers) design yielded matched
customer-provider data in which several customers
in the sample shared a common provider. Although
the nested data design limited data analysis flexibility, it eliminated the problem of missing data inherent in fully matched dyadic designs (Anderson and
Weitz 1992, Anderson and Narus 1990, Klein et al.
2007, Wareham et al. 2005).
4.1.

Study Context, Sampling Procedures, and
Survey Administration
The telecommunications industry is a good setting to
test the proposed model. Because the study focuses
on the relationship between real world providers of
Internet access services (in this case, services such
as dial-up, DSL, T -1 service, T -3 service, etc.) and
their business customers, telecomm meets our design
needs because it has relatively high levels of activity across the three customer-facing functions (marketing, sales, and service); an industry-wide focus on
customer satisfaction and retention (as a way to overcome the detrimental effects of both customer churn
because of intense competition and decreased revenues stemming from downward pricing pressures);
and availability of multiple, relatively large providers
of Internet access services that likely vary in terms of
their levels of CRM technology use.
As a first step in the data collection process, a
list of business Internet access service providers was
drawn from two publicly available, industry-wide
customer surveys. Based on the results of these two
surveys, 10 providers of business Internet access services were identified as being relatively large players
in the marketplace (based on the percentage of customers who identified them as their Internet access
services provider) and likely different in terms of
their level of CRM technology use (given widely different customer ratings on several customer-centric
performance criteria). Several other secondary data
sources (e.g., annual reports, Datamonitor® industry
reports, etc.) were consulted in order to ensure that
the providers identified by the industry surveys did,
in fact, meet the critical requirements for inclusion in
the study.
Once the study’s focal providers had been identified, the customer sample was obtained via
e-Rewards® , a research firm that specializes in the
management and maintenance of online customer
panels. In order to achieve a sample size appropriate for rigorous analytical testing, a target sample
size of about 300 completed customer surveys was
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established (customers in the sample were limited to
those who identified one of the 10 study providers as
their purveyor of Internet access services). To obtain
a suitable key informant within each of the customer
firms, the potential panelist pool was also limited
to those individuals who had indicated (in their
membership profile) that they were decision makers
or influencers within their firm regarding the purchase of Internet services. Once identified, qualified
panelists were invited to complete a self-administered
online survey that was developed and hosted by the
researchers. The data collection process remained
under the researchers’ direct control and supervision
at all times.
Computer-assisted telephone interviews (CATI)
were then utilized to survey key informants within
each provider firm. In order to minimize the potential of key informant bias, three qualified informants were sought for each of the provider firms.
For the purposes of this effort, it was critical that
key informants be knowledgeable about their firms’
customer-facing (sales, marketing, and service) activities within the business market. The sampling frame
of key informants—which included individuals who
primarily perform either marketing, sales, or service
activities within their firms—was compiled from four
different sources: (1) key contact information provided by respondents who completed the customer
survey; (2) the American Marketing Association’s
membership directory; (3) commercial lists purchased
from online providers such as infoUSA® , Zapdata® ,
and Corptech® ; and (4) referrals provided by employees in each of the 10 different provider firms (see
Appendix OS1 in the online supplement, available at
http://dx.doi.org.isre.1120.0419, for further details on
sampling and survey administration procedures).
A total of 295 customer key informants and 29
provider key informants (three key informants for all
of the provider firms except one) participated in the
study. Table 2 offers a brief overview of key informant characteristics and firm attributes for both the
customer and provider samples. Overall, the sample
characteristics suggest that the sampling procedures
yielded key informants well qualified to respond to
study questions. In addition, the demographic data
suggest significant variation in the type of customer
firms that form part of the sample (refer to Appendix
OS2 for additional details about the customer and
provider samples, including response rate estimates).
4.2. Analysis Strategy
The proposed conceptual model advances firm-level
(H3) and cross-level (H1 and H2) hypotheses that
require that data analyses be executed through two
very different approaches. The firm-level (n = 10)
hypothesis, which evaluated the relationship between

Table 2

Sample Characteristics

Customer sample
Respondent title (%)
IT manager/specialist
Non-IT manager
Director
Other
Business type
Service provider
Manufacturer
Firm size
Less than 250 employees
250–4,999 employees
5,000 or more employees
Provider sample
Respondent title (%)
Manager
Nonmanager/specialist
Division focus
B2B markets only
B2B and consumer markets
Size of accounts managed
Small accounts
Mid-sized accounts
Large accounts
Accounts of all sizes

32
20
15
33
39
24
27
39
34

52
48
48
52
7
14
17
62

an aggregate (i.e., mean) customer-level construct and
a firm-level construct (H3: mean CPRI → firm performance), was tested by computing a bivariate nonparametric correlation for the relationship of interest.
In particular, Kendall’s Tau-b (b ) was utilized to test
the firm-level hypothesis given that nonparametric
statistics are well suited for providing unbiased estimates of the association between two variables when
sample sizes are small (Siegel 1957). For the interested
reader, a description of b and its estimation and a
comparison of the b coefficients to Pearson correlation coefficients (for our study) are offered in online
Appendix OS3.
Testing of the cross-level hypotheses (H1: CRM
interaction support tool use x customer account
size → CPRI; H2: CRM prioritization tool use x customer account size → CPRI) required consideration of
two important matters. First, customers in the sample share one of the 10 different providers selected
for inclusion in the sample. Results of traditional
data analysis techniques (e.g., regression) may be
biased from this sharing of a common provider. Second, the proposed conceptual model involves constructs measured at different levels of aggregation:
CRM interaction support and CRM prioritization tool
use are evaluated at the firm level whereas CPRI
and customer account size are measured at the customer level. Given these two features of the study
design, the most appropriate approach for evaluating
the cross-level hypotheses was via the specification
and estimation of a multilevel (i.e., hierarchical linear) model. This task was accomplished in HLM 6.06
using a full maximum likelihood estimator. Regular
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Table 3

Multilevel Model Specification

Level 1 model
CPRIij = 0j + 1j (SIZEij 5 + rij
Level 2 model
0j = 00 + 01 (IS-TOOLSj 5 + 02 (P-TOOLSj 5 + u0j
1j = 10 + 11 (IS-TOOLSj 5 + 12 (P-TOOLSj 5 + u1j
Mixed model
CPRIij = 00 + 01 (IS-TOOLSj 5 + 02 (P-TOOLSj 5 + 10 (SIZEij 5
+ 11 (IS-TOOLSj 5(SIZEij 5 + 12 (P-TOOLSj 5(SIZEij 5 + u0j
+ u1j (SIZEij 5 + rij
Notes. i and j represent customers and service providers, respectively.
CPRI = customer-perceived relationship investment; SIZE = customer
account size; IS-TOOLS = CRM interaction support tools; P-TOOLS = CRM
prioritization tools.

(i.e., nonrobust) standard errors were used to evaluate parameter significance (see online Appendix OS4
for details on multilevel sample size considerations as
it relates to our study).
Table 3 provides a summary overview of the multilevel specification utilized to test the proposed conceptual model in HLM. As is indicated in the table,
the level 1 model includes a random intercept term
(0j ) and a random predictor term (1j ) used to model
the effects of customer account size. The intercept and
predictor terms are subsequently expressed as a function of the firm-level independent variables—CRM
interaction support tool use and CRM prioritization
tool use—in the level 2 model. As such, the interaction between customer account size and CRM interaction support tool use is captured by the coefficient
11 , and the interaction between customer account size
and CRM prioritization tool use is capture by the coefficient 12 . The cross-level main effects of CRM interaction support tool use and CRM prioritization tool
use on CPRI are captured by 01 and 02 , respectively.
All firm-level variables are grand-mean centered for
model estimation purposes, and the individual-level
error term (rij ) and random effects 4u0j 1 u1j 1 u2j 5 are
assumed to be normally distributed and multivariate
normally distributed across firms, respectively.

5.

Results

5.1. Provider Measures and Constructs3
Consistent with Jayachandran et al. (2005) and Mithas
et al. (2005), we measured CRM interaction support
3

As is detailed in §4.1 of the manuscript, multiple informants were
utilized to assess each of the provider constructs. Hence, after establishing the adequacy of the measures, the responses of the multiple informants for each of the firms were utilized to compute
a data-based, weighted mean score for each of the providers on
all of the constructs of interest. The weighted mean score was
developed utilizing the procedures outlined by Van Bruggen and
his colleagues (2002). Moreover, as is reported in Section OS 5.1
of the online supplement, interrater agreement scores support the
aggregation of the multiple key informant responses.

tool use and CRM prioritization tool use via summative indexes4 that asked respondents to indicate the
extent to which their firms actively utilized a specified set of CRM tools. More precisely, CRM interaction support tool use was measured using a three-item
index that captures the extent to which CRM tools
are utilized to coordinate employee customer-facing
activities across functions, centrally store customer
information, and share customer information across
intra-organizational boundaries. In contrast, a 15-item
index was utilized to assess CRM prioritization tool
use. The items developed for inclusion in the measure reflect commonly used CRM modules at the time
of data collection and relate directly to the three critical customer-facing functional areas central to relationship management: marketing, sales, and service.
Moreover, the tools included in the measure focus
on activities that affect resource allocation decisions
(e.g., sales planning activities, customer forecasting)
or are utilized to assess the efficacy of resource allocation decisions (e.g., marketing performance analysis). Firm-level construct properties and correlations
are presented in Table 4. A list of all of all of the measurement items is provided in online Appendix OS6.
Firm performance was measured using a three-item,
Likert-type reflective scale developed for the purposes of this study. The items in the scale generally asked respondents to indicate the extent to
which their firm was able to meet or exceed financial
performance goals. The scale exhibits high levels of
internal consistency reliability5 ( = 0087; see Table 4
for further details).
5.2. Customer Measures and Constructs
Customer-perceived relationship investment (CPRI ) was
measured using a three-item, Likert-type reflective
scale (x = 4052; s.d. = 10353 n = 295) adapted from the
work of De Wulf and colleagues (2001, 2003) to the
context of our study (see Appendix OS6 for a listing of all of the measures used to assess customer
constructs). The three-item measure was subjected to
a confirmatory factor analysis (CFA) using Mplus 5.1.
Given that the CFA included only a single, threeitem construct (and thus degrees of freedom = 0),
4

Given the formative measurement structure that underlies these
constructs, traditional measure validation procedures (e.g., CFA)
were deemed inappropriate. Moreover, although methods for validating formative measures have not been fully determined yet,
our measurement pretests are consistent with the need for formative measures to achieve content validity (Diamantopolous and
Winklhofer 2001, Petter et al. 2007).
5

The relatively small provider sample (n = 29) precluded the use of
advanced techniques for the validation of this reflective measure.
However, as is indicated in Table 1, the measure exhibits high levels of reliability. In addition, a large-scale pretest of the measure
strongly confirmed its adequacy. Additional details about measure
pretesting are available from the authors upon request.
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Table 4

Table 5

Provider Constructs: Properties and Correlations
M

1. CRM Interaction Support Tool Use
2. CRM Prioritization Tool Use
3. Firm Performance

5030
5070
5022

S.D.
0067
0060
1004

1
—
0027
0008

2

Results for Hypothesis 1 and 2

3
Predictor

—
0018

0087

Notes. M = mean, SD = standard deviation. Nonparametric construct correlations (Kendall’s Tau-b) are presented below the diagonal (n = 10). Reliability estimates () are reported in bold on the diagonal for reflective
scales (n = 29 for reliability estimates). All correlations are nonsignificant
(p > 0005, one-tailed).

fit indexes were considered to be limited indicators
of measurement quality (i.e., all indexes suggested
the model fits the data perfectly). However, statistics derived from the CFA provide important evidence regarding reliability and validity. In particular,
the measure has a high composite reliability (0.93)
and high average variance extracted (82.1%), which
suggest the measure is highly reliable (Fornell and
Larcker 1981, Gerbing and Anderson 1988). Furthermore, evidence of convergent validity is provided
because all factor loadings are significant (p < 0001;
standardized = 891 0092 and 0.91) and the scales exhibit
high levels of internal consistency (Anderson and
Gerbing 1988, Fornell and Larcker 1981).
Customer account size was measured by asking
respondents to indicate whether their firm was one of
the focal providers’ smallest, typical, or largest customers based on monthly expenditures (i.e., they were
asked to indicate their relative account size). The scale
was coded as −1 = small accounts, 0 = mid-sized
accounts, and 1 = large accounts for model estimation
purposes. About half of the sample (48%) indicated
that it was a typical or mid-sized customer and the
remaining half was almost evenly split among small
customer (28%) and large customer (24%). The relative customer account size measure was positively
associated ( 2 test of association, p < 0005) with nominal measures of firms’ number of employees and
annual sales levels. In addition, it was positively correlated (rxy = 00223 p < 0001, one-tailed) with CPRI.
5.3. Test of Hypotheses
As Table 5 indicates, the data offer support for H1A,
do not support H1B, and provide support for H2.
Specifically, consistent with H1A, the data suggest
that the organizational use of CRM interaction support tools is positively related to CPRI (b = 00181
p < 0005, one-tailed); however, the organizational use
of CRM interaction support tools does not interact,
as predicted in H1B, with customer account size to
influence CPRI (p > 0005, one-tailed). Moreover, as is
graphically illustrated in Figure 2, the results strongly
support H2: customer account size and CRM prioritization tool use interact to predict CPRI (b = 0019),
such that the influence of CRM prioritization tool use

Intercept (00 )
Level 1 main effects
SIZE (10 )
Cross-level main effects
IS-TOOLS(01 )
P-TOOLS(02 )
Cross-level interactions
SIZE × IS-Tools (11 )
SIZE × P-Tools (12 )
Model statistics
Deviance (−2 log-likelihood)
Approximate variance explained

Standardized
coefficient

S.E.

p

4058

0009

0001∗

0026

0010

0001∗

0018
−0001

0009
0010

0005∗
0045

0009
0019

0011
0010

0022
0004∗

998.1
14.4%

Notes. The effects of IS-TOOLS and P-TOOLS on the dependent variable
(CPRI) were also tested in separate models (i.e., each predictor was also
evaluated separately). The results of those analyses are consistent with the
results reported in Table 4; namely, IS-TOOLS increase mean levels of CPRI
whereas P-TOOLS interacts with customer size to influence CPRI.
SIZE = customer account size; IS-TOOLS = CRM interaction support
tools; P-TOOLS = CRM prioritization tools.
∗
Statistically significant, p < 0005; all p-values are for one-sided tests.

on CPRI is positive among larger accounts and negative among smaller accounts. Finally, the results provide strong support for H3 because mean levels of
CPRI6 relate positively to firm performance (b = 00543
p < 0005, one-tailed).
In addition, two different post-hoc analyses were
performed to further evaluate the relationship
between mean CPRI and firm performance outcomes (H3). First, the association between CPRI and
firm performance was evaluated with CPRI computed separately for each customer account size. The
results of the analysis, which are reported in Table 6,
reveal that mean CPRI for small accounts (n = 82)
is unrelated to firm performance (H3APOST-HOC 2 b =
00023 p > 0005, one-tailed); mean CPRI for mid-sized
accounts (n = 141) is positively related to firm performance (H3BPOST-HOC 2 b = 00493 p < 0005, one-tailed);
and mean CPRI for large accounts (n = 72) is positively related to firm performance (H3CPOST-HOC 2 b =
00453 p < 0005, one-tailed).
6

Several aggregation indexes, including ICC(1), ICC(2), and rwg ,
were estimated to assess the adequacy of computing a firm-level
measure of CPRI (an aggregate CPRI measure is needed to estimate the firm-level relationship between CPRI and performance).
Of particular importance is ICC(1), a type of intra-class correlation coefficient that is estimated as the ratio of the variance in the
group means to the total variance in the measure (see Raudenbush
and Bryk 2002, p. 36) and is interpreted as the total variance that
is explained by group membership. We obtained an ICC(1) value
of 0.11 for CPRI, which suggests that 11% of the variance in the
measure is a result of group (i.e., firm) membership. This value
is comparable to median values reported in the literature and is
supportive of aggregation. Please refer to online Appendix OS 5.2
for further details on ICC(1) and on the other aggregation indexes
estimated for the purposes of computing an aggregate CPRI score.
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Figure 2

Customer-Perceived Relationship Investment (CPRI) as a
Function of CRM Prioritization Tool Usage and Customer
Account Size

Table 6
No.
H3APOST-HOC

6.0

Smaller accounts
Larger accounts

H3BPOST-HOC

CPRI

H3CPOST-HOC
H3DPOST-HOC

4.5

H3EPOST-HOC
H3FPOST-HOC
a

3.0
Low

Relationship

Kendall’s Tau (b 5

Mean CPRI4Smaller Customers5 →
Firm Performancea
Mean CPRI4Mid-Sized Customers5 →
Firm Performancea
Mean CPRI4Larger Customers5 →
Firm Performancea
Mean CPRI4Smaller Customers5 →
Business Unit Salesb
Mean CPRI4Mid-Sized Customers5 →
Business Unit Salesb
Mean CPRI4Larger Customers5 →
Business Unit Salesb

0002
0049∗
0045∗
−0047
0060∗
0060∗

n = 10. b n = 6. ∗∗ p < 0005, one-tailed.

High

CRM prioritization tool usage

Second, in an attempt to triangulate our results, we
searched the Compustat database to obtain segmentlevel sales data for the business units that are most
likely to directly service customers in our sample.
In total, our search yielded business segment sales
data for six of the providers in the sample (the data
points obtained were for providers of similar size).
We used these data to test the overall relationship
between business unit sales and CPRI computed separately for each customer account size.7 The results of
the analysis are consistent with our previous findings
(see Table 6) because they suggest that mean CPRI
for small accounts is unrelated to business unit sales
(H3DPOST-HOC 2 b = −00473 p > 0005, one-tailed); mean
CPRI for mid-sized accounts is positively related to
business unit sales (H3ePOST-HOC 2 b = 00603 p < 0005,
one-tailed); and mean CPRI for large accounts is positively related to business unit sales (H3FPOST-HOC 2 b =
00603 p < 0005, one-tailed). A detailed summary of the
study’s results is offered in Table 7.

6.

Follow-Up Analyses: Hypothesis 3

Discussion, Implications, Future
Research, and Limitations

Extant research is equivocal about the organizational
performance implications of CRM technology use,
with some studies reporting positive effects and other
studies reporting no effects at all. The present research
posits that these mixed findings are, in part, a result
of past studies not considering (1) whether CRM technology use has different effects on different customers
and (2) that different CRM tools may have different performance consequences. Given that CRM tools
offer functionality intended to enable firms to both

maximize customer interaction quality and prioritize
resource allocation decisions at the level of individual customer relationships, it is possible that CRM
technology use has positive effects on some customer
relationships but no or negative effects on others. This
study investigated this possibility by building on relationship marketing and management theory to propose and test a model of the customer- and firm-level
consequences of CRM technology use.
The study results provide strong evidence in support of our general proposition that different CRM
tools have different effects on customer relationship
Table 7

Support found?
No.

Hypothesis

Yes

H1A

The organizational use of CRM
interaction support tools will be
positively related to CPRI.
The positive relationship between CRM
interaction support tool use and CPRI
will be stronger (weaker) among larger
(smaller) customers.
Organizational use of CRM prioritization
tools will be positively related to CPRI
among larger customers and
negatively related to CPRI among
smaller customers.
CPRI will be, overall, positively related to
firm performance.
CPRI4small accounts5 will be positively related
to firm performance.
CPRI4mid−sized accounts5 will be positively
related to firm performance.
CPRI4large accounts5 will be positively related
to firm performance.
CPRI4small accounts5 will be positively related
to business unit sales.
CPRI4mid−sized accounts5 will be positively
related to business unit sales.
CPRI4large accounts5 will be positively related
to business unit sales.

Ø

H1B

H2

H3
H3APOST-HOC
H3BPOST-HOC
H3CPOST-HOC
H3DPOST-HOC
H3EPOST-HOC

7

b = 0060 4p < 0005, one-tailed; n = 6) for the association between
our subjective financial performance measure and the Compustat
business unit sales measure.

Results Summary

H3FPOST-HOC

No

Ø

Ø

Ø
Ø
Ø
Ø
Ø
Ø
Ø
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perceptions and that the effects of CRM technology
use may be unequal across customers in a firm’s relationship portfolio. Specifically, the data reveal that
the organizational use of CRM interaction support
tools has a positive effect on CPRI and that this
effect is consistent across customers who differ in
terms of account size. However, our results also indicate that the organizational use of CRM prioritization
tools has positive effects on the perceptions of midsized and large accounts but negative effects on the
relationship perceptions of smaller customers. Considered together, these findings are consistent with
the notion that CRM tools can help maximize customer interaction quality as well as the profitability of each individual relationship through targeted
resource prioritization decisions.
Within the particular context of our study, organizational use of CRM prioritization tools appears
to have led to a redistribution of resources that
favored mid-sized and large accounts at the expense
of smaller customers. This result is consistent with
the empirically unsupported expectation of Homburg
et al. (2008) that prioritization would negatively affect
relationship perceptions and attitudes among lowpriority customers. As detailed earlier (see §2.2), the
researchers explain this unexpected finding by suggesting that prioritization did not negatively affect
the perceptions of low-priority customers because
these customers likely had lower relationship expectations than did high-priority customers. Although
this explanation is interesting, it may under represent the potentially deleterious effects of prioritization strategies on customer relationships (as our data
suggest, negative effects on customer relationship perceptions are possible). In particular, this explanation
does not consider the possibility that low-priority customers may have defected to other providers as a
result of their dissatisfaction with the exchange relationship (i.e., their results may be a reflection of survivor bias). To the extent that organizational business
models depend on economies of scale, customer attrition as a result of prioritization may be detrimental to firm performance (Johnson and Selnes 2004).
Moreover, consistent with this line of logic, customer
switching costs may emerge as an important determinant of whether or not relationship prioritization
decisions ultimately influence firm outcomes because
attrition is more likely when low-priority customers
are not “locked into” a particular provider. Thus,
future research efforts should explicitly evaluate the
relationship between CRM prioritization efforts, customer switching costs, and customer attrition rates—
an examination of the interplay between these
variables is critical to a better understanding of how
relationship prioritization decisions are likely to influence customer relationship outcomes and ultimately
firm performance.
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It is worth noting that the study results affirm
the important mediating role of customer relationship perceptions, in this case CPRI, in explaining the
effects of CRM technology use on firm performance.
In particular, the pattern of results obtained suggests
that the inconclusive, contradictory, and nonsignificant findings reported in prior studies may be because
different CRM tools have differential effects on customer relationship perceptions, with the effects of
each set of CRM tools varying across customers in
the portfolio. These findings have important implications for relationship management theory and future
research in that they strongly suggest that a more
refined conceptualization of CRM technology use, as
proposed in this study, is necessary to uncover the
technology’s performance effects and that consideration of the technology’s impact on customers’ perceptions of the exchange relationship is ultimately
critical to quantifying the technology’s firm performance consequences.
Consistent with the results of a recent meta-analysis
of the relationship marketing literature (Palmatier
et al. 2006), our study also reifies a strong link
between CPRI and organizational performance. This
provides indirect support for the proposition that the
norm of reciprocity is critical to the governance of
exchange relationships (Blau 1964). Interestingly, our
post-hoc analyses revealed that CPRI for mid-sized
and large accounts was related to firm performance
(both subjective and objective) but that CPRI for
smaller accounts was not. This finding suggests that,
within this industry, the mixed effects of CRM prioritization tool use on CPRI across customer subgroups
was ultimately beneficial to short-term performance
(i.e., the decrease in CPRI for smaller customers did
not affect firm performance, whereas the increase in
CPRI for mid-sized and large customers did have positive effects on performance).
What remains unclear, however, is whether this
finding applies to other industries or whether it even
holds across time. In their work on customer portfolio
management, Johnson and Selnes (2004) suggest that
bringing weaker relationships into the relationship
portfolio is critical to long-term performance. Future
research should thus investigate the long-term performance implications of relationship management
practices that have detrimental effects on the relationship perceptions of low-priority customers. For
instance, it is possible that lower relationship performance expectations limit the growth of low-priority
customer relationships. That is, once low-priority customers are ready to take the relationship to “the
next level,” they may search for alternative providers
because they have low expectations of their current
provider and don’t necessarily feel a strong sense of
loyalty to it.

Zablah et al.: Performance Implications of CRM Technology Use

432
Our study also has important implications related
to relationship marketing theory. Specifically, relationship marketing theory suggests that relationships are
market-based assets that require substantial resource
commitments (Dwyer et al. 1987) and have important
performance implications (Hunt 1997, 2002). Although
this proposition is generally well accepted in the literature, empirical evidence regarding the customer
and firm performance effects of relationship building and management investments (e.g., information
technology investments) is very limited (see Bowman
and Narayandas 2004 for a notable exception). Rarely
have researchers examined how or whether such
investments influence customers and their disposition toward the exchange relationship. Thus, our
study enhances relationship marketing theory by
proposing and finding that organizational CRM technology investments have a measurable impact on customer relationship perceptions, particularly CPRI, that
in turn influence firm performance. Importantly, our
study reveals that relationship building investments
may have desirable effects on high-priority customers
and undesirable effects on low-priority customers.
This finding is of great interest because theorists argue
that a diverse customer portfolio, including low- and
high-priority relationships, is most favorable for longterm performance (e.g., Coviello et al. 2002, Day 2000,
Johnson and Selnes 2004, Sawhney and Zabin 2002).
Once again, this line of reasoning strongly suggests
that future theoretical and empirical work is needed to
better understand the long-term relationship and firm
performance implications of relationship building and
management resource allocation decisions.
The results of this study point to several issues of
managerial importance. First, use of CRM technology appears to exert measurable effects on customers’
relationship perceptions. This is a critical finding
because the promise of CRM technology is predicated
upon the realization of customer-perceptible differences in interaction quality. Thus, prior to undertaking CRM technology initiatives, managers should
map out a detailed answer to the following question: How will our use of CRM technology affect
customers’ perceptions of their interactions with our
firm? Understanding the likely effects of CRM technology use on customers is critical to an adequate
assessment of the technology’s potential value to a
firm. Second, managers should be aware that different CRM tools have different effects on customers
and that these effects may not be consistent across
customer subgroups, such that use of certain tools
may actually have negative effects on some relationships. Regardless of customer priority level, managers
should take great care to ensure that relationships are
not damaged as a result of the organizational use
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of CRM technology. Greater consideration to highpriority customers identified by CRM tools would
appear to be prudent. Completely ignoring the needs
of smaller customers would appear to be foolish
given that forging durable relationships with smaller
(i.e., low-priority) customers may have important
long-term performance consequences. Finally, our
results suggest that managers should make an explicit
attempt to proactively manage CPRI. Firms that are
able to build CPRI appear to benefit from customers’
reciprocation behaviors, such as loyalty and the
expansion of the relationship through cross-buying
and upgrading.
Our study results should be interpreted in light
of two important limitations. First, the study considers the effects of CRM technology use only within
the scope of one industry. Although this allowed for
better-control of potential cross-industry confounds, it
does limit the generalizability of our findings. Thus,
cross-industry studies present a natural opportunity
for the extension of this research. Second, despite collecting data from 295 customer firms, our provider
firm sample size is relatively small (n = 10). Although
the group-level sample size did not inhibit our ability to identify significant effects and did not bias
parameter or significance estimates (see Appendix
OS4 in the online supplement for further details),
larger group-level sample sizes are typically preferred
(Hox 2002). We note, however, that because of our
smaller group-level sample size, we were able to collect data from multiple informants per provider firm
and our group-level sample does cover a majority of
the industry providers at the time of data collection,
making the study’s results generalizable within the
industry. Future research efforts can circumvent the
group-level sample size limitation by either employing a nonnested research design (which would require
large-scale dyadic data collection) or by identifying
a less concentrated industry such that collection of
customer data becomes practically feasible within a
multilevel study design.

7.

Concluding Remarks

For some time now, academics and practitioners have
questioned the performance benefits of CRM technology use (Coltman 2007, Jayachandran et al. 2005).
In addition, empirical studies that have investigated
the organizational performance consequences of the
technology’s use have provided mixed evidence, with
some studies reporting positive effects and other studies reporting that CRM technology has no effects on
organizational performance at all. Within this research
study, we proposed that an examination of the impact
of CRM technology use on customer relationship
perceptions was critical to understanding the technology’s true performance consequences and would
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partly serve to reconcile the mixed results reported
in the literature. Our proposition was based on two
basic premises: (1) CRM technology use may have
different effects on different customers, and (2) different CRM tools may have different performance
consequences. Overall, the study results confirm our
expectations because they reveal that different CRM
tools have different effects on customers’ relationship
perceptions and some CRM tools do, in fact, have differential effects across customer subgroups within a
firm’s relationship portfolio. Furthermore, consistent
with relationship marketing and management theory, our results indicate that customers’ perceptions
of the exchange relationship mediate the effects of
CRM technology use on firm performance and support the conclusion that CRM technology investments
may serve to enhance organizational performance in
the short term. Although this study is not likely to
fully resolve the debate regarding CRM technology’s
true effects on the outcome of customer-provider
relationships and organizational performance, it certainly brings to light some of the potential benefits
and consequences of the organizational use of CRM
technology.
Electronic Companion
An electronic companion to this paper is available as
part of the online version at http://dx.doi.org/10.1287/
isre.1120.0419.
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